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Earth and Ocean Sciences
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Develop the right language to deal with
SNR=0...
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Aim to bring out those high
frequencies with low SNR!
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e Close to optimal for functions with singu-
larities on C?-curves:
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second dyadic partitioning
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Denoised image using curvelets
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€ suppression with
. curvelets
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Preserved
primaries




col. noise
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Ideal edge-preserving tool for seismic processing.



signal + coherent noise sighal + coherent &
iIncoherent noise




‘wrongly’ predicted  ‘wrongly’ noisy predicted
noise noise




noise-free subtraction noisy subtraction




noise-free adaptive noisy adaptive
subtraction subtraction
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Adds robustness to the equation ...
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noisy data
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May loose primary reflection events ...
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d - ) |3+ A%|sh,

Cﬁ L E{flflT} ~ diag (diag (Cﬁ)) = P2

‘Challenge’ to find the I’s
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i = BITO, (I 'Bd) = B'o,r (d).
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ytimization

Defining the right norm iIs crucial ...
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% ample opportunity to expand!






’,;,;A. ment
Wwiedgements

B i
&

NSERC nvesting in people. discovery amd limovation
CRS NG vestirdans les gens, 1a décowverte et limovation



